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Why This Exists 

This project addresses a common failure in simulations, AI tools, and instructional systems: silent correction that 
replaces system learning with reassurance. 

Classroom ecology simulations often fail in a predictable way. They reward effort with survival, soften constraint 
through intervention, or allow instructors to correct outcomes midstream. As a result, students learn strategies 
rather than systems. Failure becomes personal, and extinction is treated as an error instead of a structural 
possibility. 

Wolverine Survival exists to preserve ecological constraint as the primary teacher. 

The project is a governed classroom simulation modeling carrying capacity, environmental limits, and chance over 
time. It is a digital translation of a long-standing analog ecology lab traditionally run with dice, cards, and teacher 
judgment. The goal was not to modernize the activity or increase engagement, but to reduce ambiguity while 
keeping authority, interpretation, and pacing human-led. 

Failure is expected. Extinction is normal. The system is designed so that effort does not guarantee survival and 
recovery is not always possible. 

Although computational tools are used internally, students never interact with them directly. From the learner’s 
perspective, this is not an AI system. It is an environment with rules, visible state, and consequences that unfold 
without negotiation. 

 

Instructional Context 

The simulation is designed for grades six through eight and is typically used within an ecology or systems-thinking 
unit. It runs in a teacher-facilitated classroom and can be completed individually or in small teams. 

This age range was selected deliberately. Students are old enough to recognize patterns and tradeoffs, but still 
inclined to personalize failure. That tendency makes ecological collapse emotionally salient but conceptually 
unstable. The simulation does not correct that impulse directly. Instead, it holds conditions constant long enough 
for students to see that outcomes emerge from structure rather than intent. 

The experience is paced season by season. Teachers control timing, discussion, and reflection, but do not 
intervene in outcomes once decisions are submitted. 

This structure was reused across multiple class sections and repeated simulation runs without altering rules, 
thresholds, or resolution logic. 

 

What Is Broken in Typical Simulations 

Many classroom simulations attempt to balance realism with reassurance. When outcomes trend poorly, rules 
are adjusted, losses are softened, or feedback is introduced to guide students back toward success. While well 
intentioned, these interventions undermine the core lesson: systems do not care how hard you try. 

Another common failure is opacity. When outcomes are resolved through instructor discretion or informal 
processes, students cannot tell why they survived or failed. This leads to confusion, argument, or disengagement. 



Digital simulations often introduce a different failure. Automation replaces ambiguity with optimization. Adaptive 
difficulty, personalized feedback, or student-facing AI systems prioritize continuation over understanding. 
Authority shifts from instructor to tool, and failure becomes negotiable. 

This project treats these patterns as governance failures rather than instructional shortcomings. 

 

Design Constraints Treated as Non-Negotiable 

Several constraints governed the design from the outset. 

Students experience the system, not the mechanism. All logic that resolves outcomes remains invisible. Students 
are never asked to reason about probabilities, models, or tools. Interpretation remains human-led. 

System state is always explicit. At the start of each season, students see the current season, environmental 
conditions, energy state, and survival threshold. Nothing is implied. This prevents disputes about outcomes and 
supports forward reasoning. 

Decisions are final. Each season allows one choice, submitted once. There are no edits, retries, or quiet 
corrections. Irreversibility is enforced through structure rather than monitoring. 

Failure is systemic. Students are not redirected mid-run, coached after poor outcomes, or shielded from loss. 
Reflection is delayed until results are resolved, using language that normalizes extinction as part of the system 
rather than a personal shortcoming. 

Instructor authority is explicit but bounded. Teachers control pacing and framing, but may not alter rules or 
override outcomes once the simulation is underway. 

 

System Structure 

The system is intentionally divided into three parts, each with a narrow and enforceable responsibility. 

Slides establish shared reality. They present the current season, environmental conditions, and a brief state 
summary. They do not offer strategy guidance, prediction, or emotional framing. Their sole function is to answer 
one question: what is true right now. Slides are updated manually to preserve pacing control and prevent silent 
state changes. 

A single Google Form captures student decisions. The same form is reused each season and contains only two 
required fields: team name and strategy selection. There are no hints, examples, images, or branching logic. Once 
submitted, a decision cannot be revised. 

Outcome resolution occurs only after decisions are locked. Seasonal conditions are applied, hunts are resolved 
according to fixed tables, totals are calculated, and results are logged. The resolution layer produces outcomes 
without interpretation or feedback. 

There are no live bindings between these layers. Results are revealed by the teacher, not pushed automatically, 
keeping authority visible and failure legible. 

 

A Fork in the Road 

One design decision clarified the project’s direction early. 

The system could either provide mid-season feedback when students entered a fragile or critical state, or withhold 
feedback until outcomes resolved fully. Both approaches were instructionally defensible. Feedback would have 
reduced confusion and frustration. Withholding it would preserve the experience of compounding risk. 



The latter was chosen, at a clear cost. Students sometimes felt uncomfortable or uncertain during runs. Teachers 
had fewer opportunities to intervene. Engagement occasionally dipped before outcomes were revealed. 

That cost was accepted because feedback at the point of risk would have functioned as silent correction. It would 
have taught students how to read the system rather than how systems behave. 

 

Where This System Was Most at Risk 

The strongest pressure throughout development was to soften failure. 

Recovery mechanics, conditional survival states, and second-chance rules were all plausible additions. Each 
would have made the simulation easier to run and more emotionally comfortable. Each would also have reframed 
extinction as a design flaw rather than a structural outcome. 

Automation posed a subtler risk. Auto-updating displays, adaptive pacing, or personalized conditions were 
technically feasible. These changes increased efficiency but reduced auditability. Silent automation made it 
harder to explain why something happened and easier to forget that outcomes were governed by rules rather than 
judgment. 

Instructor override was also considered. Allowing rule adjustments mid-run would have increased flexibility, but it 
would have reintroduced ambiguity at the moment the system needed to be most legible. 

In each case, the more helpful option weakened the system’s core function. 

 

How Drift Was Prevented 

Preventing drift required refusing familiar instructional conveniences. 

Adaptive difficulty was rejected. Conditions change, but not in response to performance. Success does not 
stabilize the system, and failure does not trigger rescue. 

Student-facing intelligence was rejected. The system does not explain, encourage, or interpret outcomes. Any 
meaning-making happens after the fact and is led by the instructor. 

Live dashboards and optimization cues were rejected. The simulation remains discrete and episodic, discouraging 
competitive comparison and strategy mining. 

Reflection was intentionally delayed. Immediate reflection encourages justification. Delayed reflection allows 
patterns to accumulate before interpretation. 

These refusals were not stylistic choices. They were enforcement decisions. 

 

Data Handling and Resolution 

All decision data is append-only and immutable. Original submissions are never altered. All computation occurs 
downstream, allowing outcomes to be traced back to specific decisions and conditions without inference. 

Computational logic replaces what would otherwise be dice rolls, card draws, or ad-hoc adjudication. It does not 
invent rules, narrate outcomes, or infer intent. Its role is consistency, not intelligence. 

From the student perspective, outcomes appear fixed and sometimes unforgiving. From the instructor’s 
perspective, they are explainable, reviewable, and stable across runs. 

 

Ethical and Governance Posture 

This system reduces risk by limiting what it is allowed to do. 



There is no profiling, personalization, prediction, or behavioral steering. Students are not ranked, nudged, or 
optimized for persistence. Authority remains visible, and responsibility is not displaced onto tools. 

By constraining action rather than adding oversight, the design avoids silent assumption-making and preserves 
trust without surveillance. 

 

Transferable Design Pattern 

The same governance pattern applies beyond ecology simulations. 

It applies to AI tools that proceed under ambiguous intent, assessments that quietly adjust difficulty, and 
instructional systems that “help” by correcting outcomes before users can observe consequences. In each case, 
silent correction replaces system learning with reassurance. 

The pattern is simple and portable: make state explicit, delay interpretation, freeze decisions, and treat discomfort 
as instructional signal rather than error. 

 

What This Demonstrates 

This project demonstrates that instructional restraint is an active design practice. 

The system is intentionally difficult. It resists correction, reassurance, and optimization. It allows failure to stand 
long enough to be understood. 

What it offers instead is clarity. Outcomes are attributable to structure. Decisions are final. Authority is legible. 
Responsibility is not delegated to tools. 

The simulation is meant to feel fair, difficult, and slightly uncomfortable. 

That discomfort is not a side effect. 
It is the lesson. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



 

 

 

 

 

 

Appendix: Governance Artifacts 

This appendix contains supporting artifacts referenced by the Wolverine Survival Simulation case study. These 
materials were not student-facing and are not instructional content. Their purpose is to make system boundaries, 
irreversibility, and governance decisions legible without introducing interpretation, optimization, or narrative 
framing. 

The artifacts are ordered to establish authority separation first, followed by evidence of legibility, finality, rule-
governed outcomes, and deliberate restraint. 

 
Appendix A: System Boundary Diagram 

Purpose 

This artifact establishes separation of authority, responsibility, and data flow across the system. Its function is to 
demonstrate that outcomes are rule-governed and irreversible, not teacher- or AI-adjusted. 

System Components  

Student-Facing Layer 

State Display (Google Slides) 

o Displays current system state only 

o Read-only 

o No live data bindings 

o Updated exclusively through teacher reveal (manual copy/paste) 

Decision Capture (Google Form) 

o Accepts one irreversible decision per season 

o Fields limited to team name and strategy 

o Append-only 

o No feedback, branching, or edit paths 

Resolution Layer (Locked) 

Season Resolution Logic 

o Applies fixed rules and probability tables 

o Resolves events, hunts, totals, and survival outcomes 

o Executes only after decisions are locked 

o Accepts no student or teacher input 



Data Tables 

o Form_Responses (input log) 

o Hunt_Ledger (audit trail) 

o Season_Results (per-season outcomes) 

o Year_Log (final summary) 

All tables are non-editable by users. 

Human Authority Layer 

Teacher Role 

o Controls pacing 

o Reveals state and outcomes 

o Facilitates discussion and reflection 

o Does not alter rules or outcomes 

Teacher authority is procedural, not computational. 

Explicit Non-Features (Intentionally Absent) 

o Live slide updates 

o Optimization or strategy guidance 

o Feedback loops 

o Mid-season intervention paths 

o Adaptive or student-facing AI behavior 

Data Flow (One Direction Only) 

Student Decision → Form → Resolution Logic → Tables → Teacher Reveal → Slides 

There is no reverse path. 

Governance Claim 

Fairness is enforced through architecture rather than trust. Authority boundaries are visible, durable, and testable. 

 

 

 

 

 

 

 

 

 

 

 



Appendix B: Explicit State Slide 

 
Purpose 

This artifact demonstrates system legibility without guidance, optimization, or motivational framing. It represents 
exactly what students see before submitting a decision. 

What Is Intentionally Excluded 

• Strategy explanations 

• Probability cues 

• Hints or recommendations 

• Emotional or motivational framing 

• References to effort, skill, or intent 

Design Claim 

All decision-relevant information is explicit. Nothing important is implied. 

Students reason forward from constraint, not from advice. 

Governance Note 

State is revealed after resolution, not generated live. Slides display outcomes; they do not compute them. 

 

 

 

 

 

 

 

Appendix C: Append-Only Decision Log 

Purpose 



This artifact demonstrates irreversibility and the absence of silent correction. It shows that decisions persist 
unchanged throughout the simulation lifecycle. 

 

Decision Log Snapshot  

Timestamp Team Name Strategy 

9:02 AM Juniper Plains Balanced 

9:03 AM North Ridge Risky 

9:04 AM Willow Basin Safe 

Structural Properties 

• Each row appended via Google Form submission 

• Timestamps generated automatically 

• No edit permissions 

• No overwrite paths 

• No branching or resubmission logic 

What Is Not Shown 

• Form interface 

• Instructions or examples 

• Confirmation dialogs 

• Feedback or outcome messaging 

Governance Claim 

Finality is enforced structurally, not behaviorally. Outcomes cannot be softened without breaking the system. 

 

 

 

 

 

 

 

 

 

Appendix D: Outcome Resolution Snapshot 

Purpose 

This artifact demonstrates that outcomes are rule-governed and deterministic, not discretionary or adaptive. It 
represents the structure of system output after a season resolves. 

Resolution Output 



(Representative / Mock) 

Team 
Name 

Season Strategy 
Event 
Roll 

Total Food 
(lb) 

Survival Threshold 
(lb) 

Survived 
Energy 
State 

Environment 
State 

Juniper 
Plains 

Spring Balanced 4 18 20 No Critical Harsh 

North 
Ridge 

Spring Risky 6 42 20 Yes Stable Favorable 

Willow 
Basin 

Spring Safe 2 21 20 Yes Fragile Neutral 

Structural Characteristics 

• One row per team per season 

• Survival threshold applied uniformly 

• Strategy affects variance, not rules 

• Event roll applied prior to hunt resolution 

• Totals calculated before survival check 

All values are written once and never edited. 

What Is Intentionally Boring 

• Flat rows 

• Plain numerical fields 

• No charts or visual emphasis 

• No feedback text 

• No optimization cues 

There is nothing here to interpret or negotiate. 

What Is Intentionally Absent 

• Explanatory text 

• Narrative framing 

• Student-facing feedback 

• Adaptive difficulty 

• AI-generated commentary 

Governance Claim 

Randomness is constrained by rules. Outcomes are consistent, auditable, and non-negotiable. 

Dice were replaced with consistency, not intelligence. 

 

 

 



Appendix E: Refusal Artifact — Intentional Non-Features 

Purpose 

This artifact documents design refusals rather than implemented features. Its role is to demonstrate restraint as an 
active governance decision. 

Each refusal listed below was explicitly considered and rejected because it would have undermined system 
governance, outcome attribution, or learning intent. 

Refused Mechanic 1: Mid-Season Feedback 

Description (Rejected) 
Providing students with feedback or hints after partial hunt results within a season. 

Reason for Refusal 
Mid-season feedback functions as silent correction. It shifts attribution from the system to the student and 
encourages optimization rather than reasoning under constraint. 

Governance Impact 

• Undermines irreversibility 

• Encourages system gaming 

• Reframes failure as personal error 

Refused Mechanic 2: Strategy Explanations or Tooltips 

Description (Rejected) 
Explaining the effects of Safe, Balanced, or Risky strategies in advance. 

Reason for Refusal 
Explanations invite optimization and reduce uncertainty. The system is not designed to teach probability 
mechanics, but to surface the consequences of operating under incomplete information. 

Governance Impact 

• Introduces hidden guidance 

• Collapses abstraction boundaries 

• Encourages performance framing 

Refused Mechanic 3: Live Slide Updates 

Description (Rejected) 
Automatically updating Slides with system state immediately after resolution. 

Reason for Refusal 
Live updates collapse the boundary between computation and reveal and remove teacher pacing authority. 

Governance Impact 

• Removes visible human mediation 

• Increases technical fragility 

• Creates the perception of editable outcomes 

 

 



Refused Mechanic 4: Undo or Resubmission 

Description (Rejected) 
Allowing students to revise or resubmit decisions. 

Reason for Refusal 
Undo mechanics reintroduce behavioral correction and weaken consequence. Irreversibility is a core system 
property. 

Governance Impact 

• Weakens finality 

• Encourages boundary testing 

• Shifts attention from systems to tactics 

Refused Mechanic 5: Adaptive Difficulty or AI Coaching 

Description (Rejected) 
Adjusting probabilities or providing AI-generated guidance based on prior outcomes. 

Reason for Refusal 
Adaptive behavior obscures causality and introduces perceived bias. Consistency, not intelligence, is the 
governing goal. 

Governance Impact 

• Breaks auditability 

• Introduces hidden intervention 

• Undermines fairness claims 

Design Claim 

The system functions as intended because it is not helpful. 

Restraint preserves fairness, transparency, consequence, and trust. Each refusal reduces attribution error for 
learners and discretionary burden for instructors. 

Governance Statement 
The most important features of this system are the ones that do not exist. 

 


